Abstract----
INTRODUCTION
ith the increasing number of 3D models created every day and stored in databases, the development of effective and scalable 3D search algorithms has become an important research area. Generally speaking, their objective is to retrieve 3D models similar to a 2D/3D sketch/image or a complete 3D model query from a large collection of 3D shapes Query-by-Sketch (sketch-based) 3D retrieval is to retrieve a list of 3D models that closely match a provided input sketch. It is more challenging because of the semantic and representational gap between the 2D query sketches and the 3D sketches, and because user sketches may vary widely in sketching style and level of detail, as well [4] [2] [3] . It has many applications, including sketch-based modeling and recognition, and sketch based 3D animation.
Sketch-based 3D model retrieval is focusing on retrieving relevant 3D models using sketches as input [1] [2] [3] [4] [5] .The sketches are Hand-Drawn sketches as shown in the figure [1] . For objective evaluation, we have collected a large number of query sketches . Barns An image is retrieved from the database in several ways in user queries. SBIR is one of the efficient and important methods which are not necessary to have a high skill to draw the query sketch. First, we review the feature extraction, features based matching, and indexing which represents the base of recall images.. In this paper we discuss about how to retrieve the images using shape , texture descriptor, then method for retrieval, then experimentation results of methods and lastly comparison of efficiency of distance methods. sketch(query) and also the feature extraction ofthe images stored in the database and then match both the features, whichever images are matched relative to the query image that will be retrieved as output.
II. RETRIEVING THE IMAGES
Shape is an important visual feature and it is one of the basic features used to describe image content. However, shape representation and description is a difficult task. This is because when a 3-D real world object is projected onto a 2-D image plane , one dimension of object information is lost [1] [2] [5] . Basically, shape-based image retrieval consists of measuring the similarity between shapes represented by their features. Some simple geometric features can be used to describe shapes. Usually, the simple geometric features can only discriminate shapes with large differences. Therefore, they are usually used as filters and are combined with other shape descriptors to discriminate shapes. 
III. METHODS FOR RETRIEVAL
This paper presents an approach to retrieve the images like sketches through various methods. This allows us to get approximate information about the shape of the regions in the images. For the purpose of image retrieval, a number of features characteristic of object shape, which is usually independent of size or orientation, are computed for every object of image database [4] . Here we focus on global shape features and local shape features. Global shape features are general in nature and depend on the characteristics of the entire image object. Area, perimeter and major axis direction of the corresponding image region are the examples of these features. Local shape features are based on the low level characteristics of image objects. Boundary segments and corner points around the boundary of the corresponding image region are the examples of such features.
Here the dataset includes 500 images of 5 classes like planes, benches ,ants, houses,bicycles 100 each images. Query image is a keyword like any of the image out of images present in the dataset. The first work is to create database of image features by extracting shape features with the help of orientations and scales. Feature extraction is also done for query image. Similarity measurements helps us to match the similarity between these two feature extraction. Then the matched images are retrieved.
IV. SIMILARITY MEASUREMENTS
Image retrieval calculates visual similarities between a query image and images in a database [4] . The retrieved result is not a single image but list of the images ranked by their similarities with the query image [5] [6] . Different similarity/distance measures will affect retrieval performances of an image significantly.
The different distance measures used for matching are as follows Manhattan distance also called as L1 method. This function computes the distance that would be travelled to get from one data point to the other if a grid like path is followed. The manhattan distance between two items is the sum of the differences of their corresponding components. Where dim is the dimension ,a and l are two images.
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B. Euclidean Distance
Euclidean distance also called as L2 method. This method measures the files distance. It is a customary separation measured between two items say x(x1,x2 etc) and y(y1,y2etc.)
Deriving the Euclidean distance between two data points involves computing the square root of the sum of the squares of the differences between corresponding values.
C. Correlation Distance
In correlation analysis we compared against subjects, correlation between two sets, correspondence between subject like data and benchmark. To detect the correlation we create distance matrix. Here in the below formula N is a database, M means features and N'=N(N-1)/2 image pairs. 
D. City Block Distance
City block distance is the distance of each pixel between 2 coordinates. For example distance between 2 adjacent pixel is 1 because they are adjacent. This is also used for edge detection applications.
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E. Spearman Distance It shows both the basic histogram intersection method and size weighed histogram are very close to similarity. Spearman correlation coefficient is 0.915.
V. EXPERIMENTATION RESULTS
Confusion matrix that contains information about actual and predicted classifications done by a Support vetor machine system Here are the retrieved images based on the query image like planes for 20 returned images. Based on confusion matrix we can say that efficiency of distance measure depenps upon images also.Like for planes city block method gave good efficiency,but for benches ,bees all method are efficient. 
VI. COMPARISON OF EFFICIENCY OF METHODS
Here the dataset includes different classes like planes, benches, bees, barn, bicycles. One image is choosen from the same dataset is given as query image .The below The main contribution of our work is a method for selecting or retrieving the images is based on the query image. Here we created a database of 500 images each consisting of 100 planes, benches ,bees, barns, bicycles as images of 5 classes..Experimentation results are recorded for Manhattan Distance, Euclidean Distance, Correlation Distance, City block Distance and Spearman Distance .Efficiencey of method depends on both distance method as well as images used if we compare confusion matrix we conclude benches and bees gives best result for all methods gives the highest efficiencyof 85% as we increase return images.
